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Input:
(a) E = {Event-ID, Event-Type, Location in Space} representing a set of events;
ET = {Set of boolean spatial event types};
(b) Neighborhood relationship function; pair of spatial points;
(c) Interest measure function (e.g. prevalence, conditional probability);
(d) Threshold on prevalence measure and conditional probability;
Output:
A set of co-locations with values of interest measures (i.e. prevalence, conditional
probability) satisfying threshold.
Data Structure:
k = Co-location size
G, = set of candidate size k co-locations in iterationk =1, 2, ..., P
T, = set of table instances of co-locations jf@ k =1, 2, ..., P
P = set of prevalent size k co-locations fork =1, 2, ..., P
R, = set of co-location rules of size kfork=1, 2, ..., P
T_GC, = set of coarse-level table instances of size k co-locati@y far k=1, 2, ..., P
Steps:
Co-location-size k = 1
C =ET;
P =ET;
T, = generate_table_instanGs( E);

Initialize data structurg,, T,, P, R, T_C, to be empty for k >1
while(not empty B do{

G.. = generate_candidate_colocation,(K);

if (fmul = true) then {

.1 = multi_resolution_pruningQ,, ,);

}

T.. = generate_table_instanag (C,,,, T));

R., = select_prevalent_coloca iqqc Cerr Trd)s

R., = generate_colocation_rulB(,, T,,,);
}

return union (R ..., R,,);
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- A Point Object O :ALineString Object O :A Polygon Object O Row Instance r
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